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−
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 c
a
rd
io
id
si
g
n
a
ls
:

•
S
u
m
 d
ir
e
c
ti
o
n
a
l 
p
a
tt
e
rn
s:

•
N
u
ll
 d
ir
e
c
ti
o
n
 d
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c
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 p
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 d
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=
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c
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=
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=
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+

=
y

)
co
s(

)]
co
s(

1[
2/

1
)]

co
s(

1[
2/

1
)

(
)

(
)

(
2

1
θ

θ
θ

θ
θ

θ
=
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−
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=
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=
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c
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 d
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 d
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ra
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 d
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 c
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=
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c
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c
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 r
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